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Abstract

The evolution of data management has led to the need to name a frequently used category of
data that includes volumes of data larger than traditional datasets but does not meet the
extensive requirements of big data as "Not Small - Not Big Data" (NoS-NoB Data). This article
introduces the concept of NoS-NoB Data, which is widely used, although most users are
unaware of it. Small and big data categories require different approaches for efficient
processing. NoS-NoB Data, in our opinion, typically ranges from 10 to 100 GB and contains
files too large for standard office tools but not large enough to justify the infrastructure
requirements of big data technologies. We discuss the challenges of NoS-NoB data
management, including the need for more sophisticated processing tools that surpass
conventional data management software but do not require the complex distributed systems
typically used for big data. This paper further explores the various sectors where NoS-NoB data
is prevalent, including SMEs, healthcare, insurance, and government, highlighting the specific
data processing and analytics needs within these domains. By identifying the unique attributes
and processing requirements of NoS-NoB data, the study aims to bridge the semantic gap in
current data categorisation and improve understanding of data dynamics in today's
technological environments.
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1 Introduction

It is often proclaimed that data governs the contemporary world—a statement that closely
aligns with reality. The pace at which data volumes expand is vertiginous, and their magnitudes
are virtually incomprehensible (Davenport & Harris, 2017). Traditionally, there was no
imperative to categorise data based on volume; however, such differentiation has become
essential in recent times (Duarte, 2023). Big Data has transitioned from a trendy term to a
fundamental component of modern technological infrastructures. Despite this shift, Small Data
remains crucial for daily life and computer-assisted work activities (Banafa, 2018). However,
the growth of Small Data has reached a point where it often exceeds the processing capabilities
of existing hardware and software infrastructures. This emerging category of data, neither
fitting the traditional definitions of Big nor Small Data, necessitates a new terminology to
describe it accurately (Serrant, 2023).
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Due to its size and processing requirements, this intermediate data type falls outside the
scope of Big Data but cannot be managed effectively with standard computing technologies. It
is commonly referred to by various terms such as 'medium data,’ 'middle-range data,' or
'transitional data,' none of which adequately captures its essence. To address this semantic gap,
we propose the term 'Not-Small-Not-Big Data' (NoS-NoB Data), indicating data that is neither
minuscule nor vast in scope. Such data, typically not as voluminous as Big Data, still presents
challenges for processing on conventional personal computers. For instance, opening a 3 GB
text file or a 10 GB CSV file on standard software proves problematic due to the limitations of
these applications in handling large files. Overcoming these challenges often requires
alternative software solutions or custom scripting, such as Python, explicitly designed to
manage larger data volumes more efficiently.

Recent surveys by the Gartner Group and IDC highlight an 85-90% failure rate in Big
Data technology implementations, suggesting that many enterprises may not effectively
manage Big Data as often as presumed (Walker, 2017). This indicates a prevalent need for
handling data volumes that lie between Small Data, which is readily manageable, and Big Data,
which necessitates significant technological investments. Other terms, such as 'limit data' or
'intermediate data', have been proposed to describe these datasets, but these generally refer to
data generated as interim outputs in computational processes, thus not suitable for describing
data that falls categorically between Small and Big Data. Bill Inmon, renowned for his
contributions to data warehousing, suggests that data that is too large for traditional tools yet
not as extensive as Big Data should be referred to as 'medium data' (Inmon et al., 2019).
Nevertheless, the lack of clear demarcations between Small and Big Data scopes complicates
the accurate definition of 'medium data', especially without specifying whether the size
concerns individual files or an entire dataset related to a specific project.

2 Characterizing Not Small-Not Big Data

'Not Small-Not Big Data' (NoS-NoB Data) represents a distinct category of data that
surpasses the processing capabilities of conventional office tools for structured data and the
capacity of traditional database systems hosted on low-end servers. However, it does not reach
the magnitude that necessitates the use of specialised tools and techniques required for Big Data
processing, such as cloud-based or distributed systems like Hadoop. Typically, NoS-NoB Data
ranges between 10-100 GB, though this scale can vary significantly depending on the specific
application domain. While such data volumes can be managed with advanced database systems,
they do not generally require large-scale distributed processing or intricate machine learning
algorithms. NoS-NoB Data may also include relatively small files, measured in megabytes,
whose structure renders them unprocessable by standard tools on a personal computer, such as
a spreadsheet containing 15 million rows, which exceeds the capabilities of Excel, necessitating
alternative tools like the Python programming language and its libraries.

2.1 Basic Indicators of NoS-NoB Data:

e Size: The data is larger than what is typically considered traditional data but smaller
than what is classified as Big Data.

e Generation Speed: NoS-NoB Data is generated faster than traditional data, reflecting
its more dynamic nature.

e Complexity: It encompasses structured, semi-structured, and unstructured data, though
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generally with less variety and lower complexity than Big Data.

Processing: NoS-NoB Data can be processed by relational database systems (RDBMS),
NoSQL systems, or through advanced data analytics techniques, but it does not
necessitate extensive parallel processing.

Analytics: While advanced analytics are necessary, they are not as intensive as those
required for Big Data.

2.2 Detailed Discussion on Size:

Lower Limit: NoS-NoB Data might not surpass the capabilities that traditional
computing systems can handle, often situated in the megabyte range. Its structure may
hinder efficient processing by typical office applications, such as Excel or Power BI,
where software compatibility or performance becomes a limiting factor.

Upper Bound: NoS-NoB Data is smaller than typical Big Data, which can extend into
terabytes and beyond. However, NoS-NoB Data typically ranges in the tens of
gigabytes.

File Size: The size of individual files is crucial as it directly influences the choice of
data processing and storage technology. Large files may necessitate systems, such as
NoSQL databases or distributed file systems, capable of simultaneously managing
substantial data volumes.

Project Size: Coordination of access to these files is challenging for projects involving
numerous small files that need to be processed collectively. Technologies such as
Hadoop or Spark, which enable distributed processing and are optimised for large
datasets, are essential for efficiently managing many smaller files.

Efficiency in traditional relational database systems (RDBMS) may be impacted by
increasing data volumes for several reasons. The threshold at which efficiency declines
depends on various factors, including hardware configuration, database structure, query
type, and database optimization. For instance, a server configured with 4-8 CPU cores,
a Linux or Windows Server operating system, database software such as Oracle
Database or MS SQL Server, 1-2 TB SSD, and 32 GB RAM could be adequate for
processing NoS-NoB Data. Such a setup should effectively manage data volumes from
10 to 100 gigabytes, provided database structures and queries are meticulously
optimised. Critical factors for proficient NoS-NoB Data processing include database
optimization, effective indexing, well-designed queries, and appropriate resource
management, which significantly influence the speed and efficiency of data processing
systems.

2.3 NoS-NoB Data Generation Rate

NoS-NoB Data is characterised by a generation rate that can exceed the generation rate

of traditional data but remains well below the generation rates associated with big data. This
data category typically comes from various sources, including online financial transactions,
telemetry from medical sensors, and detailed records of customer behaviour. These sources
contribute to the dynamic and multifaceted nature of NoS-NoB data. Although NoS-NoB Data
does not require the massively distributed processing architectures necessary to process big
data, it does require more sophisticated database systems or faster-responsive data warehouses.
These systems are key to effectively managing the increased speed, volume, and diversity
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inherent in NoS-NoB Data. The imperative here is about capacity, the agility, and efficiency of
data processing and search processes. For efficient processing of NoS-NoB data, smaller
distributed systems are often deployed. These systems typically consist of a few nodes, which,
while smaller in number than large-scale big data operations, focus heavily on maximising
throughput and latency. The architecture of such systems is designed to effectively balance the
load and ensure that data processing remains fast and efficient, even under the stress of
increased data flows. This customised approach allows organisations to enjoy the benefits of
fast data processing without the overhead associated with larger and more complex Big Data
systems. It supports an efficient yet robust infrastructure capable of adapting to the unique
challenges presented by the speed and complexity of NoS-NoB data, enabling a more
responsive data-driven decision environment.

2.4 Managing Data Complexity across Structured, Semi-Structured, and Unstructured
Categories in NoS-NoB Data Environments

Unstructured Data: Unstructured data, encompassing diverse formats such as text,
images, and videos, exhibits a propensity for significant volume expansion. Within the
framework of NoS-NoB Data, the accumulation of unstructured data must not necessitate the
extensive processing capabilities characteristic of conventional Big Data frameworks. Despite
this, unstructured data can be adeptly processed using Big Data technologies tailored to NoS-
NoB Data dimensions. These technologies enable efficient management of unstructured data
without reliance on extensive Big Data infrastructures, thus conforming to the operational limits
suitable for NoS-NoB Data contexts.

Semi-Structured Data: This category encompasses formats like XML and JSON, which,
despite their potential for rapid volumetric growth, remain manageable on less robust systems.
Semi-structured data encompasses various elements, including emails, website logs, and data
derived from Application Programming Interfaces (APIs). While these data types incorporate
certain structured aspects, they lack the comprehensive organisation found in traditional
database records. The complex nature of semi-structured data necessitates the application of
sophisticated techniques for effective data extraction and analysis.

Structured Data: In the realm of NoS-NoB Data, structured data primarily consists of
conventional database formats, such as tables and records, which maintain a uniform structure
and are relatively straightforward to process. Examples include extensive datasets from
Customer Relationship Management (CRM) systems, financial transactions, or inventory
records. Although managing this data type requires more advanced tools and methodologies
than those typically used for standard office data, it does not necessitate the extensive
infrastructure typically associated with Big Data environments. Effective governance of this
structured data enhances organisational data comprehension, thereby facilitating improved
business decision-making processes.

2.4.1 Efficient processing of NoS-NoB data: balancing technology and strategy

Handling NoS-NoB Data requires attention to several key aspects essential for its
effective use without the extensive infrastructure associated with Big Data. Data collection,
storage, management, and analysis are the main components involved. Considering its unique
size and complexity, it is vital to adopt a balanced method in dealing with NoS-NoB Data.
Although the full-scale infrastructure of Big Data is not necessary, it is crucial to employ more
sophisticated technologies and methods than those typically used for smaller datasets. This
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tactical approach enables organisations to manage and leverage their data more efficiently,
improving their competitive edge and decision-making processes.

a. Nature and challenges of NoS-NoB data:

The processing of NoS-NoB data involves several critical aspects that are necessary for
its effective use. This data category differs from big data because it does not require extensive
infrastructure, which usually involves complex and expensive setups.

b. Key aspects of data processing:

e (ollection: One of the first steps is to collect NoS-NoB data. This involves acquiring
data from various sources, which must be done efficiently to ensure the quality and
relevance of the data.

e Storage: The text emphasises the need for storage solutions that are capable but less
extensive than those used for big data. These solutions should be scalable and flexible
enough to manage the varying sizes and complexities of NoS-NoB data.

e Management: Effective data management strategies are critical. This includes
organising, securing, and ensuring the availability of data to facilitate its processing and
analysis.

e Analysis: The analysis of NoS-NoB data requires tools and techniques that can handle
its unique characteristics but are more advanced than those used for smaller datasets. It
1s necessary to gain meaningful knowledge.

c. Strategic approach:

e A balanced approach to NoS-NoB data processing is important. This means using
strategies that accept its characteristic size and complexity without the extensive
infrastructure used for big data.

e Emphasis is placed on using advanced technologies and methodologies that go beyond
common data processing tools. This strategic choice is critical because it allows
organisations to manage their resources effectively while reaping the analytical benefits
of big data environments.

d. Impact on organisations:
e By adopting this approach, organisations can process and use their data more efficiently.
e The final benefit of effective processing of NoS-NoB data is increased competitiveness,
reduced costs, and better decision-making possibilities. Organisations that streamline
their data processing capabilities can respond more quickly and accurately to market
changes and internal demands, resulting in improved overall performance.

2.5 Analytics: Tools and Techniques for Processing NoS-NoB Data

These tools and platforms are integral to data processing and analysis, providing
extensive capabilities for managing data within the NoS-NoB Data spectrum. Their selection
should be tailored to the organization's specific requirements and objectives. The tools and
platforms selected play a crucial role in data processing and analysis, offering broad
possibilities for working with data in the NoS-NoB Data range.
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2.5.1 Data Preprocessing and Cleaning:

Pandas: A Python library utilised for data manipulation and cleaning, enabling
transformations and normalisation to prepare data for further analysis.

Apache NiFi: An advanced, open-source system for managing data flows, facilitating the
automation and control of data transfer between systems. NiFi offers a graphical interface for
designing, developing, monitoring, and controlling real-time data streams.

Talend: This tool supports the extraction, transformation, and loading (ETL) processes,
allowing efficient transformation and integration of data from various sources.

2.5.2 Database Analysis:

e  MySQL/Microsoft SQL Server: These are popular relational database systems known for
their effectiveness in managing structured data within the NoS-NoB range (Taylor, 2023).

e MongoDB/Cassandra: These NoSQL databases are well-suited for handling semi-
structured and unstructured data, offering flexibility in data organisation and scalability.

2.5.3 Business Intelligence (Bl) and Visualization:

e Tableau: Renowned for enabling advanced data visualisation, Tableau is particularly
effective for creating interactive BI reports.

e Microsoft Power BI: Provides comprehensive data analysis and visualisation tools,
supporting a wide range of BI applications.

e Qlik: Known for its self-service BI capabilities, Qlik facilitates data analysis and
visualisation, enabling users to generate insights independently.

2.5.4 Machine Learning and Al:

e Scikit-learn: A Python library for machine learning, suitable for various analytical models.

e TensorFlow/Keras: These deep learning frameworks are utilised for complex analyses, such
as image and text analysis (Chollet, 2021).

e RapidMiner: This tool provides a visual programming environment for machine learning
and advanced analytics, making complex analytical techniques more accessible.

2.5.5 Predictive and Prescriptive Analysis:

e SAS/SPSS: Traditional statistical tools renowned for their efficacy in predictive analysis
(Mishra, 2019).

e R: A programming language and environment designed specifically for statistical
computations and graphics.

e Python with libraries like NumPy and SciPy: These tools provide robust support for
scientific computing and are frequently used in predictive analytics.

2.5.6 Challenges and Solutions in Analysis:

Although NoS-NoB Data does not reach the scale of Big Data, its volume still demands
substantial analytical capabilities. The diversity of data formats and the need to analyse
structured, semi-structured, and unstructured data necessitate various approaches and
techniques. Data quality is a pivotal factor in ensuring the reliability of data sets and is crucial
for the accuracy of analytical outcomes. Incorrect or incomplete data can lead to erroneous
conclusions.
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2.5.7 Tools for Addressing Predictive Analytics Challenges:

e DataRobot: An automated machine learning platform that facilitates predictive analytics,
helping to address complex data challenges.

e Alteryx: Provides tools for data integration, analysis, and visualisation, simplifying the
processing of NoS-NoB Data.

2.5.8 Key Steps in Managing and Analyzing NoS-NoB Data:

1 Identify Goals: Establish clear objectives, such as improving customer satisfaction or
optimising internal processes, which will guide the analytics approach.

2 . Data Collection and Storage: Utilize appropriate mechanisms for data collection and
storage, such as relational database management systems (RDBMS) (e.g., MySQL, MS
SQL Server), NoSQL databases (e.g., MongoDB, Cassandra), or cloud solutions (e.g.,
(AWS S3, Google Cloud Storage). Distributed systems, such as Apache Hadoop, are
valuable for managing large datasets.

3 . Data Cleaning and Transformation: Utilize tools like Pandas or Apache NiFi to cleanse
data, correct errors, and transform it into an analyzable format.

4 . Data Analysis: Apply various analytical tools and techniques, including machine learning
(utilizing Scikit-learn, TensorFlow, and Keras) and traditional statistical methods (SAS,
SPSS, and R), to uncover patterns, detect anomalies, and predict future trends.

5 . Visualization and Communication: Utilize tools like Tableau, Microsoft Power BI, or Qlik
to present findings, facilitating more straightforward interpretation and communication with
stakeholders.

6 Data Security: Implement security protocols to protect data from unauthorised access and
data loss, including encryption, regular backups, and access controls.

Choosing the right tools and technologies that align with a project's specific needs and
goals is crucial for effectively managing and analysing NoS-NoB Data. This flexibility offers

a strategic advantage in addressing various analytical challenges.

2.6 Application area of NoS-NoB Data

The application domains of Not Small-Not Big Data (NoS-NoB Data) cover a range of
sectors that utilise this data category. These domains include multiple industries where the data,
although more relevant than traditional datasets, does not require the deployment of
sophisticated big data technologies. Each domain needs to understand the specific data
processing and analysis requirements to derive actionable insights and valuable information.

2.7 Illustrative areas include:

1 Small and Medium Enterprises (SMEs): SMEs often collect NoS-NoB Data through
customer transactions, customer relationship management (CRM) systems, and online
interactions. Analysing this data helps gain a deeper understanding of consumer behaviour
and enhances the effectiveness of marketing strategies.

2 . Healthcare: Smaller healthcare facilities, such as clinics and hospitals, generate substantial
volumes of medical records and operational data. Strategic analysis of this data can
significantly improve patient care and operational efficiencies within these institutions.

3 Insurance and Reinsurance Companies: These entities accumulate extensive data covering
policy administration, claims processing, and client interactions, ranging from structured
data, such as policy details, to semi-structured and unstructured data, including claims
descriptions and client communications. Analysing NoS-NoB Data enables more precise
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risk assessment, customisation of insurance products, improved efficiency in claims
processing, and better customer service. Additionally, this data is crucial in fraud detection,
actuarial studies, and setting premiums that accurately reflect the risk profiles of
policyholders.

4  Education: Educational institutions, including colleges and universities, use NoS-NoB Data
to monitor student performance, manage academic courses, and oversee research projects.
Data analysis in this sector supports the development of educational strategies and the
improvement of pedagogical methods.

5 Retail and E-commerce: Retailers and e-commerce platforms collect data about purchases,
preferences, and consumer behavior online, which is vital for optimizing inventory,
personalizing marketing offers, and enhancing the overall shopping experience.

6 Financial Services: Small to medium-sized banks and financial institutions use NoS-NoB
Data to analyse transaction data, assess risks, and detect fraud.
7 Logistics and Transport: Transport companies utilise this data to optimise routing, vehicle
monitoring, and shipment management.
8 Local Government and Public Administration: Local government bodies analyse NoS-NoB
Data to study traffic patterns, monitor public services, and plan urban development.
The effective utilisation of NoS-NoB Data in these domains hinges on selecting
appropriate tools and technologies that align with each sector's specific data characteristics and
analysis requirements.

3 What are the differences between the individual categories of data

Big Data is distinguished by its substantial volume, which far exceeds the more
manageable quantities typical of Small Data. Positioned between these extremes, NoS-NoB
Data assumes a size that is neither minimal nor vast, embodying a median volume that strikes
a balance between manageability and substantive insight. While Big Data encompasses a
variety of unstructured, semi-structured, and structured data, Small Data tends to be more
uniform and organised. NoS-NoB Data, however, can exhibit diverse structures, echoing the
variety seen in Big Data, but on a smaller scale.

Due to its continuous data flow, Big Data requires rapid and ongoing analysis, contrasting
sharply with the less demanding nature of Small Data. The speed required to process NoS-NoB
Data depends significantly on the nature of the tasks it supports and the technologies employed.
These tasks can range from simple computations to complex applications in machine learning,
demonstrating the data’s versatile applicability.

Regarding storage, Small Data is typically maintained locally due to its limited size. In
contrast, Big Data is often distributed across multiple servers or stored in the cloud to manage
its volume and facilitate access. NoS-NoB Data storage strategies may vary: smaller datasets
tend to be local, but as the data grows, it may be distributed, akin to Big Data practices.

Data preparation also differs across these categories. End users generally manage Small
Data preparation, while Big Data often involves a broader team and may not include direct user
interaction. For NoS-NoB Data, preparation might involve tools from the Hadoop ecosystem
or utilise programming in R or Python, providing flexibility in handling data of intermediate
size and complexity.

Archiving strategies reflect the needs specific to each data size. Small Data is typically
retained for short periods, whereas Big Data may require indefinite storage if it is not
continuously processed. NoS-NoB Data offers a more adaptable approach, with archiving
durations tailored to the particular needs of the task or problem being addressed.
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Reproducibility and error management also vary by data scale. Small datasets allow for
easier error correction and data recovery, whereas Big Data, due to its volume, often only
secures processed results to mitigate storage demands. NoS-NoB Data, benefiting from its
moderate size, enables more frequent backups, enhancing data safety and the reliability of
subsequent analyses and experiments.

Regarding risk, the smaller scale of NoS-NoB Data reduces the likelihood of costly errors
associated with Big Data, aligning more closely with the lower-risk profile of Small Data.
Moreover, while interpreting Big Data can be challenging without adequate documentation,
NoS-NoB Data typically yields clearer outputs, compatible with analytic tools like Tableau,
facilitating easier and more effective data introspection.

Finally, the analysis of NoS-NoB Data, though more complex than that of Small Data,
does not require the extensive and distributed computing resources necessary for Big Data. It
can be effectively processed on advanced personal computers, although handling tens of
gigabytes may increase processing times, as noted by EDUCBA in 2023. This balance makes
NoS-NoB Data a practical choice for entities that require more than Small Data capabilities but
lack the infrastructure to support Big Data operations.

"Figure 1 presents a graphical depiction of data distribution by size and structural type.
The graph uses a red curve to illustrate Small Data, a green curve for NoS-NoB Data, and a
blue curve for Big Data.

Figure 1: Relationship of data types to the data structure.
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Source: (Schmidt, 2024)

On the x-axis, the data sizes range from 1 GB to over 1 PB. At the same time, the y-axis
measures the volume of structured, semi-structured, and unstructured data, commonly
associated with Small Data, NoS-NoB Data, and Big Data, respectively.

The area beneath the red curve symbolises Small Data, indicating a predominance of
structured data typically found in smaller quantities, ranging from 1 GB to 10 GB, depending
on the specific task and application.

Under the green curve, representing NoS-NoB Data, a mix of structured, semi-structured,
and unstructured data is observed. Our analysis sets the upper limit of NoS-NoB Data at 100GB,
although larger volumes may sometimes fall into this category.
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The section under the blue curve, representing Big Data, highlights a substantial presence
of unstructured data. While many experts consider 1 TB as the starting point for Big Data, our
research suggests adjusting this threshold to 100 GB. This curve demonstrates that structured
data is considerably less prevalent than semi-structured or unstructured data.

Overall, the graph visually communicates how different data types distribute across

various sizes, illustrating the increasing dominance of unstructured data as file sizes grow."

Tab. 1 Data distribution according to criteria

projects.

project.

due to clear
metadata.

Criterion |Data Volume File Dimensions File Count Data Structure Storage Location
Small Data [Limited to a small |Typically kilobytes  [Processes a few [Structured within |Stored locally in a
overall amount.  |(kB) to megabytes files. a single table. single file.
(MB).
INot Small- |More than Small, |Range from hundreds |[Manages many [Mix of structured [Distributed in
INot Big  |less than Big Data |of kilobytes to several [files. and unstructured |[several locations
[Data volumes. gigabytes. data. or files.
Big Data |Extremely large [Hundreds of Processes Semi-structured  |Stored across
volumes of data. |megabytes to millions of files. [and unstructured [cloud servers or
terabytes per file. data predominates. [various sites.
Criterion [Data Preparation |Archiving Strategy [Risk of Data Loss [Data Analytical
Strategy Organization Approach
Small Data [Tailored by end- [Time-bound storage |Low risk of loss or [Highly organized |Straightforward,
users for specific |is specific to a damage. and searchable  [typically single-

step on a local
system.

INot Small- |Prepared by Long-term or Higher than Small, [Less organized [Requires multiple

INot Big  |groups or indefinite archiving. [lower than Big and robust methods and

Data automated for [Data risk. metadata than approaches for
wider use. Small Data. analysis.

Big Data [Team-based [Needs virtually High risk, Complex, Distributed
preparation, not  [unlimited storage.  [significant impact [requiring analysis over
user-centric. from loss/errors.  |comprehensive  |multiple stages

documentation  |and
for interpretation. [environments.

Source: Authors

4 Conclusion

In conclusion, emerging data categories beyond traditional Small and Big Data
necessitate a nuanced understanding of their characteristics and processing requirements. The
proposed category, Not-Small-Not-Big Data (NoS-NoB Data), fills the semantic gap between
Small and Big Data, representing data volumes that exceed conventional processing capabilities
yet fall short of necessitating specialised Big Data infrastructure. NoS-NoB Data, typically
ranging from 10-100 GB, poses unique challenges in processing due to its intermediate size and
complexity. While it shares some characteristics with Small and Big Data, NoS-NoB Data
requires tailored approaches for collection, storage, management, and analysis. Tools and
techniques selected for NoS-NoB Data processing should strike a balance between scalability
and efficiency, leveraging advanced database systems, analytical tools, and machine learning
algorithms. The graphical representation in Figure 1 underscores the distribution of data types
across various sizes, illustrating the increasing dominance of unstructured data as file sizes
escalate. This visualisation aids in conceptualising the distinct data categories and underscores
the importance of adapting analytical strategies to accommodate the unique characteristics of
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NoS-NoB Data. In summary, recognising and addressing the challenges posed by NoS-NoB
Data is essential for organisations seeking to harness the full potential of their data assets. By
adopting tailored approaches and leveraging appropriate technologies, businesses can
effectively navigate the complexities of this intermediate data category, driving informed
decision-making and achieving competitive advantage in the digital age.
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